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O ABSTRACT 0O

We Use technologies and methodologies of building the web applications to design
and build an E-commerce Website. This website is specialist in trading with electronic
parts and computer equipment. Then implement Data Mining techniques on this website
by adding the following services:Frequently Bought Together Service: This service
depends on Association algorithms, it shows the service on request product page, when a
customer requests for a particular product. It shows him the list of best-selling products
with the desired product. Next, there is Get Personalized Recommendations Service: This
service depends on Clustering algorithms, where the expected range of products shows that
the customer requested, according to the specifications, this service appear on the customer
page. In addition,Will Be Service: This service relies on Time Series algorithms, where
this service showing to the system administrator predicted earnings of website for a future
period.

Keywords: Data Mining, Clustering algorithm, Association Rules, Time Series
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