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O ABSTRACT 0O

Drinking water turbidity measuring is significant indicator of water quality, and
represents a primary test to evaluate the stability of drinking water purification plant.
Artificial neural networks (ANN) provide efficient tool to deal with the complex, dynamic
and non-linear nature of purification processes. They have the ability to response to various
instant changes in parameters influencing water purification.

In this research a feed-forward back-propagation non-linear autoregressive neural
networks with exogenous variables (NARX) were tested to predict the effluent turbidity
from AI-Sin drinking water purification plant, which considered as a case study. The
models were built based on daily turbidity, pH and conductivity of raw water data as well
as daily rainfall over the reservoir while the daily effluent turbidity data were used for
verify the performance accuracy of each network. The results of this research confirm that
NARX models offers good results in modeling and simulating the non-linearity behavior of
water turbidity as well as to predict its values. These models can be used in a permanently
evaluation of the performance of Al-Sin drinking water purification in order to achieve the
stabilization and supply a significant sector of the Syrian coast with drinking water.
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Networks.
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